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Abstract

Intelligent text generation is one of the advanced research directions in the fields of artificial intelligence and natural
language processing. It is one of key technologies for making AIGC successful, and it has been highly concerned by both
academia and industry in recent years. The technology has been deployed and used in many application areas including
media publishing and e-commerce, and it can much improve the efficiency of text content production. The systematic
overview of the applications of intelligent text generation and the mainstream ways of text generation were given. And the
recent deep learning techniques for text generation were introduced. Lastly, the challenges faced by neural text generation

were summarized.
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